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Abstract

Each month medium and large organizations usually cope with a large number of bookkeeping
entries in accounting ledgers. This is a time-consuming process. To alleviate the problem, we propose an
application of machine learning to classify bookkeeping entries. The natural language processing is
employed to extract the features out of each entry, which may be in the combination of Thai, English,
numbers, and/or special characters. Then, supervised machine learning algorithms are applied, i.e.
Decision Tree, Logistic Regression and Naive Bayes. The experimental results show that the accuracy of

Naive Bayes, Logistic Regression and Decision Tree is 89.88%, 88.99% and 79.40%, respectively.
Keywords: Classification, Machine Learning, Natural Language Processing
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2.1.1 M3UszuanNanI®1555uY1A (Natural Language Processing)
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Ade wihfivesdn
PNP personal pronoun (e.g. YOU, THEM)
VBB the "base forms" of the verb "BE"
ATO singular article (e.g. a, an, every)
NN1 singular common noun (e.g. book, girl)
PUN punctuation - general mark (i.e..!,:;-7..)
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1) MIVAFeURUY Train-Test Split liudsdoyaseniluyadoyadmsunsaou 70% wazyadoyadmsy
NSNAEOU 30%
2) MINAdaULUY 10-Fold Cross Validation vilaenisuusdugadeyadmniunisaeu 90% uavyndoya

dmsunisneaeu 10% willnsusudsugadeya 10 ASwNuNalnn1snaey
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3.4 ANSNAEBY
A15NAaRUUSEESNINVBLsRaTeanasNulaan1TInAIAINLLUE (Precision), A1AIINSEAN (Recall),

v

ANANNENNA (F-Measure) uagA1AgNFas (Accuracy) Ingusazaaunsaiuinlanail

ANANULLUEN (Precision):

P
Precision = ——— (1)
TP+ FP
Armusyan (Recall):
TP
Recall = — (2)
TP+ FN

AIANNEAE (F-Measure):
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(3)

(@)

Tnedusazatauisaasunglananing 1 sadl lunsaldaiansanussnneldane TP %58 True Positive A0

Puuteyaniuunlagniewuyssinnalddne Tuvueil TN v3e True Negative (TN) fio d1uiudeyanduunle

gnieadldidulumuuszinndnlddne, False Positive (FP) fia dhusudeyaiidwunldianain Ineviunedndu
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Fuunldiianan lngviunedeyadndussandu uivssinnvedoyasssfieaildane lunsdlussinvmsnddunay
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Aldae ninddu Yain)
TP FP FP
FN TN TN
FN TN TN

A9 1 Confusion Matrix @1nsulseLnnanbyane

nanIIAdeUsane3udunsen1sUyTludyduendszsanilananlilumdenudiinanisvedeu &9

WiguileuA1Augnees ATLLugT A1ANTEEN WAEAIAIINEINE YBINTVIAFOUE 3 Tane3hin Awns1e9 4

157197 4 mansnadsuilalSeuiguna 3 male

v o Accuracy Precision Recall F - Measure
AN INA
(%) (%) (%) (%)
Decision Tree 79.40 80.02 79.40 79.38
Logistic Regression 88.99 88.99 88.99 88.99
Naive Bayes 89.88 90.11 89.88 89.84
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