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Abstract

The objectives of this research are: 1) to study the methods for data classification of hepatitis virus
occurrence, and 2) to compare the efficiency of hepatitis data classification by using 3 techniques including
k Nearest Neighbor, Decision Tree, and Naive Bayes. The results show Naive Bayes and the Decision Tree
give the best performance by providing 100% accuracy, 100% accuracy, and 100% recall followed by k

Nearest neighbor with 91% accuracy, 91% accuracy, and 100% recall.
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