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Abstract

The research aimed to study and compare the techniques classified information to the
appropriate classification of diabetes. In this research was to study the technique selected for use in this
study, all three techniques include decision trees techniques. Neural networks Technical and closest
neighbor to find the composite images of classified information, the best value in the development of
diabetes. The results showed that the technique is far better results, Neural networks. The accuracy of
76.82 with a value equal to 0.86 precision by providing accurate value that is equal to 0.80, followed by
the nearest neighbor technique. The accuracy of 72.27 by 0.82 by the precision accuracy that is equal to
0.77, and the final decision trees. The accuracy of 71.09 with a value equal to 0.89 precision by providing

accurate value that is equal to 0.73.
Keywords: data classification, decision tree, k-NN, artificial neural network
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