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Comparisons of the Alcohol Risks Prediction Models with Data Mining
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Abstract

The objectives of this research were 1) to study and develop an alcohol addiction risk forecasting
model using data mining techniques 2) to compare the effectiveness of the alcohol addiction risk forecasting
model using data mining techniques. Which includes techniques K-Nearest Neighbour technique Naive Bayes
and Random Forest techniques by studying a sample of 200 people from a community in Sa Kathiam
Subdistrict Nakhon Pathom province, year 2021, data were collected by using a questionnaire consisting of
general data and an alcohol drinking behavior assessment form. WEKA was used for analysis to determine
Accuracy, Precision, Recall, F-Measure.

From the study, it was found that the technique that gave the best analytical efficiency was Random
Forest algorithm with an accuracy of 99.50%, a precision of 99%, a recall value of 100%, a f-measure of
99.50%, followed by Naive Bayes. The accuracy is 99%, the precision is 98%, the recall is 100%, the f-measure
is 99%, and the K-Nearest Neighbor is 97.50%, the precision is 97.00%, the recall is 98% and the f-measure is
97.50%

Keywords: risks, forecast, alcohol, data mining
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start sup
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=== grravified cross-validation ===

195 55,5 &
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Root relative squared error 16.9809 %
Total

Wunber of Iastances 200
=== Detailed Accuracy By Class ===
¢ Rate 2 Rate fzecision Recall  F-Measuze MO ROC Area EAC Azea Clasa

1000 0.010  0.990 1.000 0,955 0,550 1.000 1.000 alconolic-risk
0,850 0,000 1.000 0.550  0.955 0,580 1.000 1.000 alcoholic-norisk
Weighted Avg.  0.355  0.005  0.535 0.555  0.955 0.550  1.000 1.000

=== Confusion Matrix ===
a B <= classified as

%8 01 &= alcoholic-risk
1101 | b = alesholic-norisk

&

AT 3 NSIASIEVRILUU

5. NAN1339Y

mu%’aﬁﬁ%%’aﬁﬂﬂizmumiajma;uéhasmﬁaaﬁs%mi?juﬁaaéﬂmuuﬂ’u%m warlénisnaves 1Ased
wazuesuny lumsimuavunvesnguinesns tinadawmilesdeyaunldaifuuunensainudsdauoanssed
Fsuszneudewaiia 3 wada Ae wadaadosaiuues wedaundwuda uaseiausuneueisa Ingthdeyaild
IINNTTADULUUABUNNTINIU 200 %9 13T 1evmelusunsy 1af wagtnan1sinseiuseuiisulssansnmn

vosiuuulngAldiSeudiou laun manugndes AAuuiug) MausEan A1ANuEIna

a a a a a
A1919N 2 wan1sLssuNeUUTEANT AN

wail ANGNADS AAULIUEN ANTZEN AUG9NA
Wesaunuas 97.50% 97.00% 98.00% 97.50%

99.00% 98.00% 100% 99.00%
99.50% 99.00% 100% 99.50%

w319 Innovation and Technology Liesessudsnslnegdan Digital World



NSUTEANIINTTLAVYIR AT 14 U Ineqeswiguasugy

7-8 ningAN 2565

Us=8nsmuwadiuu

AUNNADJ AIUIUUEN AUS:AN AIUANWN:

100%

95

S

90

=

o

H Goisaiuiuos | wdwivdd i Isuasu Wolsd

2NN 4 wansiUSeuLiBuUsEans AN

NANTNN 4 nanSUTeUTUUsEAMEA W WU wedaususeuasa ilseansamiange tneslveiaiy
ONABY 99.5% A1AULINEY 99.00% AIAINTEAN 100% A1ANENAA 99.50% uaziiloiUTeuliieudn 4 1 119 3
wiada @usaglanamd 2 ilimsiuimn 9 Aveaadausuneueisa lirigegalunnel sesaw fe nailla

diudanarwadalosauuas audanu

6. d@3Una

v
o @ 1

TunsdaiadediiselissgndliduneuiBnaiimiiesdoya 5 fumeu WWud madmdendoya msdmede
Joya Mauvasgluuutoya mavimiedeya nsinnuuarUssdung unduuuimisduniside lnesusiudeyangy
fMogedua 200 g Wumawe 103 wands 97 Ay anaulugusuiiuuelsund Swdauasugu 1938n15denngu
fhegreseiinmaduiedisuutiady uadddmmweansaduaziosunu lunmsimuasunuesnguiesna uagviinis
Jawmdsudeyasionsasaaeuanugniesvedora nsuvasuszandeyaliegluguueiiuea tnd ewIeudn
nszvIuMsadeiuuY uiTedliiEmsuingudeyanuumniansudnunsvioUszaiud dadunsdeuduoud
Jaou ieduunanuidssinueansgadannmsihuuudsydiungfinssunisiuueanasedue nguiieg1sinTg
Ansizvisagmadaiaiosaiuues wmatdaudniuda wazmaliausunounelsa digisnisaseaudadinduinas
Taormunl aseaudadiaduidu 10 ad  uazwiouifisuuszansamlunisduunanudesfinueanesed
nnsadrefnuuanudesiaueanssed wuil nadaildaianugndeanniian e adausuaeumelsa e
ANugNKBs 99.50% osawmadiaudniuda fidnugnies 99% wazmadaiadeisauiues fidaugndes
97.50% A1nMsiSeuisuAIAINLINET A1ANTEEN AR NnaTevaliaaLdasaLLues allaudniuda
wazimatausunounalsa  Usingdn wellausunouasa  TiAAMURLNgWIINAU 99% A1AINTEEN 100%
A1IALENAT 99.50% maTlau1dniuda TiAauiug iy 98% A1AINsEAN 100% AIANLENAR 90% Uay

wiadapillwsanues Tiranuwingwingu 97% Apusedin 98% A1ANENNE 97.50%
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7. Yalauauug

7.1 aunsaddnvuiliannismaiausuneuveisa luiauwsaduiuledvielusunsuiioneinsalany
dl a ¥
\desRnuaanagedle

7.2 \Wlpswnededninvesyadeyaiidiiiies 200 ¥a uazAanaluusasamudnvueiliies 2 Aanawiiy Jsdilona
linansiinsginaineiou duluwunhbiiufeyafiuiioruuiuduaziiomsweduing
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